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Sometimes, we capture data and beat it with years of analysis, hoping it will 
confess, as in the famous joke. But it doesn’t. Then, we resist the temptation to 
purge data, hoping some new tool or method in the future will bring us some 
magical insight. This session showcases the main issues that lead to bad data 
and then bad analysis.
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Who is presenting?

• Alisson Sol has many years of experience in software development, 
having hired and managed several software teams that shipped many 
applications, services, and frameworks, focusing on image processing, 
computer vision, ERP, business intelligence, big data, machine learning, 
AI, cybersecurity, and distributed systems.

• He has a B.Sc. in Physics and an M.Sc. in Computer Science from the 
Federal University of Minas Gerais in Brazil and General Management 
training at the University of Cambridge-UK. When not coding, he likes to 
run half-marathons, play soccer, disassemble hardware, put it back to 
work, and reuse the spare parts elsewhere!

• Thanks to my current and previous employers for the experiences.
All responsibility for the content is mine.

https://www.alissonsol.com/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Setting expectations and hypotheses
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• We capture too much data of 
bad quality.

• We fear deleting data and keep 
torturing it.

• Eventually, there will be 
minimal cleanup instead of a 
methodical selection of the 
highest valuables to keep.

Attention to these hypotheses
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A tale of 3 data projects/teams/companies
DataVivid.com DataVanity.com DataVague.com

Only good data Some good data,
some bad! Only bad data

Only correct analysis Some correct analysis, 
some wrong! Incorrect data analysis

Auto data cleansing Reactive data purge 
emergencies Never delete data
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Reactive data purges
• Situation (trigger)

• Storage crunch
• Cyber incident

• Action
• Delete data
• “Clean servers”

• Result
• Lost source code

for major app
• Lost wiki content in

server cleanup

https://historyandmystery.org/interesting-history/toy-story-2-was-accidentally-deleted-but-saved-by-an-employee/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Pre-mortem: autoclean
• Practice: what if data was deleted?
• What are your “crown jewels”?

• Why keep other data streams?
• Can it be moved to cold storage?

• Circa 2025: ~$1 per TB per month + retrieval + transmission costs
• Amazon S3 Glacier Deep Archive
• Google Cloud Storage Archive
• Azure Blob Storage Archive
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• We capture too much data of 
bad quality.

• We fear deleting data and keep 
torturing it.

• Eventually, there will be 
minimal cleanup instead of a 
methodical selection of the 
highest valuables to keep.

Who is doing autoclean?
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Why do we fear deleting data?
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Why do we hoard?
• Hardship to “acquire”
• Fear of irreparable loss
• Endowment effect

https://www.ebay.com/itm/265924522222?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Has data torture produced confessions?

https://en.wikipedia.org/wiki/Google_Flu_Trends?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://www.asc.ohio-state.edu/statistics/dmsl/GrandPrize2009_BPC_BigChaos.pdf?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://en.wikipedia.org/wiki/Google_Flu_Trends?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://www.kaggle.com/datasets/netflix-inc/netflix-prize-data?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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The data may always confess “something”

https://www.tylervigen.com/spurious/correlation/28850_the-number-of-veterinarians-in-wyoming_correlates-with_google-searches-for-i-have-the-flu?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged


AI & Big Data Expo North America 2025 Alisson Sol Bad Data In, Years of Useless Analysis - then Purged - 13

Data analysis extrapolation: prediction error
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Data is not information
• Simple test: data can be sorted, sharded, etc.
• Information value diminishes  “out of order” or “out of context”

• Consider: tomorrow (June 5th), the Bitcoin price will be ~$2,686.81

https://finance.yahoo.com/quote/BTC-USD/history/?period1=1496534400&period2=1496707200
https://www.amazon.com/dp/B007MHIYFM/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Statistics and anecdotes: Monty Hall problem

https://youtu.be/dOQowCeAnRs?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Anecdote induction

https://statisticsbyjim.com/basics/anecdotal-evidence/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://statisticsbyjim.com/basics/anecdotal-evidence/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Beautiful stories

Bad data analysis endowment effect!

https://skepticalinquirer.org/exclusive/the-mozart-effect-lives-on/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://www.nature.com/articles/365611a0?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://europepmc.org/article/MED/17029951?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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• We capture too much data of 
bad quality.

• We fear deleting data and 
keep torturing it.

• Eventually, there will be 
minimal cleanup instead of a 
methodical selection of the 
highest valuables to keep.

Is your data analysis correct all the time?
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Analog data with quality
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Digital quantity and quality
DataVivid.com DataVanity.com DataVague.com

Only good data Some good data,
some bad! Only bad data

Only correct analysis Some correct analysis, 
some wrong! Incorrect data analysis

Auto data cleansing Reactive data purge 
emergencies Never delete data
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Digital data “operations”
KTLO, BAU, RTE, Operations

Data migration
Degragmentation
Cache
Sharding
Geo-replication

“We migrated 75 petabytes of internal data stored in 
nearly 7,500 Oracle databases to multiple AWS 
database services…”

https://aws.amazon.com/blogs/aws/migration-complete-amazons-consumer-business-just-turned-off-its-final-oracle-database/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged


AI & Big Data Expo North America 2025 Alisson Sol Bad Data In, Years of Useless Analysis - then Purged - 22

Data pipelines

E T L E T L E T L E T L
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Data collection from “environment”

Vietnam war scenario
Q: Have you taken any illegal drug 
in the last 12 months? 

Related scenarios
• Would you vote for [candidate]?
• Would you buy [product]?
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Mitigation: statistical data sourcing

Have you taken 
any form of illegal 
drugs in the last 

12 months?

Is there a black 
triangle in this 

card?

Is there a black 
triangle in this 

card?

400 400 400 Data: 1,200 answers
Yes: 560

160/400 = 40%

https://www.amazon.com/dp/0471379077/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Incongruent data is usually discarded...

Student Before (Score) After (Score)
Alice 70 85
Bob 65 80

Carol 80 82
David 90 88

• Incorrect data is wrong.
• Incongruent data doesn’t fit the surrounding information.
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Imputed and synthetic data
• Imputed: filling data gaps with estimated, plausible values
• Synthetic: artificially generated information

Historical Figure Birth
Height 

(cm) Cause of Death Favorite Pastimes Preferred Color
Cleopatra -69 152 Suicide Diplomacy, Studying Gold
Henry VIII 1491 188 Heart Failure Jousting, Hunting Gold, Crimson

Abraham Lincoln 1809 193 Assassination Reading, Storytelling Black
Alan Turing 1912 175 Cyanide Poisoning Running, Cryptography Grey

Queen Elizabeth II 1926 163 Old Age Horse Racing, Corgis Blue
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ETL: Transformations
• Quantization
• Encoding/embedding
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When analog signal become bits and bytes...
B&W + Bayer

https://ditherit.com/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Dithering (CMYB + Bayer)

https://ditherit.com/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Dithering (CMYB, Err. Diffusion) 512px
Jarvis-Judice-Ninke

Serpentine Order

https://ditherit.com/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Dithering (CMYB, Err. Diffusion, +Res) 1,024px
Jarvis-Judice-Ninke

Serpentine Order

https://ditherit.com/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Words, Sentences, Vectors

https://projector.tensorflow.org/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://projector.tensorflow.org/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
https://projector.tensorflow.org/?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Loading into ... destination data model

https://schema.org/Person?utm_source=alissonsol.com&utm_content=2025-06.Bad.Data.In.Years.of.Useless.Analysis.then.Purged
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Good data. But it shouldn’t be here!

E T L E T L E T L E T L

SSN
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• We capture too much data of 
bad quality.

• We fear deleting data and 
keep torturing it.

• Eventually, there will be 
minimal cleanup instead of a 
methodical selection of the 
highest valuables to keep.

Are you sure all your data is “good”?
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• We capture too much data of 
bad quality.

• We fear deleting data and 
keep torturing it.

• Eventually, there is some 
minimal clean-up, instead of 
methodical selection of the 
highest valuables to keep.

Thank you!
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